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Deep learning inside memory arrays
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Highly energy-efficient, but is it accurate enough?




ZIROSS SIM

Inputs to CrossSim
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Analog MVM cores
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To be released soon! Check cross-sim.sandia.qgov




Multi-scale modeling of inference accuracy (&)=,

Device properties affect accuracy Array design affects accuracy
CrossSim’s fast built-in circuit simulator
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From device measurements to accuracy rh)
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